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ME 5 3 (Machine Learning) ## 3 & AL
N: WEMEF I &R, FiENE X TR
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Google’s Neural Machine Translation
(GNMT)

PEEEF, AT RESF I ONLES
#FHEAE2016 F e B EMFQ R TR
= 758%-87%, Rigikif AKEEF
KF
https://arxiv.org/pdf/1609.08144.pdf

ok | [ REFIF K

Lo

VANERYAN

PBM NMT \ Human Relative
/ 7\ f: \ Improvement
English — Spanis 4.885 5.428 5.504 87%
English — French 4932 5.205 5.496 64%
English — Chines 4.035 4.594 4,987 58%
Spanish — English| 4.872 5.187 5.372 63%
French — English 5.046 5.343 5.404 83%
Chinese — English 3 694 4 263 4.636 60%
3
3
a
? T
2 wREE
1 A ZETNE
0



https://arxiv.org/pdf/1609.08144.pdf

KT KB R iR XAE T ERH A, 85
S S MR K g 3R AT

VaIrA7 2 W 4&

Encoder LSTMs

s Dgtoder LSTMs >«
GPUB . = —-- GPUB

1 t 1

+

+
8 layers

Recurrent Neural Network, RNN

Long Short-Term memory (LSTM) == ¢ N

https://arxiv.org/pdf/1609.08144.pdf

Figure 1: The model architecture of GNMT, Google’s Neural Machine Translation system. On the left
is the encoder network, on the right is the decoder network, in the middle is the attention module. The
bottom encoder layer is bi-directional: the pink nodes gather information from left to right while the green
nodes gather information from right to left. The other layers of the encoder are uni-directional. Residual
connections start from the layer third from the bottom in the encoder and decoder. The model is partitioned
rs (1 bi-directional layer
and 7 uni-directional layers), and 8 decoder layers. With this setting, one model replica is partitioned 8-ways
and is placed on 8 different GPUSs typically belonging to one host machine. During training, the bottom
bi-directional encoder layers compute in parallel first. Once both finish, the uni-directional encoder layers

into multiple GPUs to speed up training. In our setup, we have 8 encoder LSTM L

ecan start computing, each on a separate GPU. To retain as much parallelism as possible during running
the decoder layers, we use the bottom decoder layer output only for obtaining recurrent attention context,
which is sent directly to all the remaining decoder layers. The softmax layer is also partitioned and placed on
multiple GPUs. Depending on the output vocabulary size we either have them run on the same GPUs as the
encoder and decoder networks, or have them run on a separate set of dedicated GPUs.


https://arxiv.org/pdf/1609.08144.pdf

ok | [REF I FE

R 3 RAR AR AR P /l\ /l\

'PBM1\ (NMT \ Human  Relative
Improvemen

| GOOQ|€’S Neural Machine Translation English — Spanish] 4.885 | 5.428 | 5.504 8735;.
English — French | 4.932 | 5205 |5.496 64%
(GNMT) Eﬁghsh - Chinesd 4035 | 4504 | 4987 58%
] Spanish — English| 4872 || 5187 | 5372 63%
s https://arxiv.org/pdf/1609.08144.pdf French — English \ 5046 [\ 5343 | 5404 83%
Chinese — English \ 3.694 4.263 4.636 60%
» BER: BRBEEHRAEI R LZ 0 HE NN
F xR ‘
»  WMT dataset: Google internal production
datasets N
=  On WMT En-Fr, the training set contains 36M e
sentence pairs. (36,000,0004~4) F5F)

= On WMT En-De, the training set contains 5M
sentence pairs. (5,000,000 & Ft)
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= The term deep In deep learning refers
to the depth of the artificial neural

network architecture
P RE—ARBALHERBRMORE ST T
= Learning stands for learning through R A !
the artificial neural network itself | Q%P
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Which dataset do
you want to use?

Ratio of training to
test data: 50%
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Activation
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Regularization
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by the thickness of
the lines.

Regularization rate Problem type
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Test loss 0.509
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[ Showtestdata [] Discretize output
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DATA

Which dataset do
you want to use?

Ratio of training to
test data: 50%
— 9

Noise: 0
L

Batch size: 10
—

REGENERATE

Epoch

001,933

FEATURES

Which properties do
you want to feed in?

Learning rate Activation Regularization Regularization rate Problem type
0.03 - Tanh v L1 v 0.003 v Classification -
+ — 2 HIDDEN LAYERS QUTPUT
Test loss 0.011
Y = Y = Training loss 0.004

4 neurons 2 neurons

o

sin(X,)

sin(X,)

—— 5
/”-'-——.- --r--..‘.."- 4
- ~,
~—
\\"""-.. "'lr-s..._-_- 3
= )
l. " ::;"'.
- 1
-
- -/" "f ( 0
o
"‘--_ﬂ-ﬂ-‘-—"""’ ,&’ The oufputs are
" /" mixed with varying -1
e weights, shown 2
g by the thickness of
- - the lines. 3
[ ]
( 4
This is the output =
from one neuron. 5
Hover to see it
larger.

Colors shows

data, neuron and B ('] .

weight values.

[] Showtestdata [7] Discretize output
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s 20#-%, S0 KF|0EKR AT, 42 ML T3
HiRA R, BRELEA BT, RTHENEF T
= Sepp Hochreiter; Jurgen Schmidhuber 19913k 8 £ 3% i
, Long short-term memory (LSTM)

s FRANARRREBEANEF I T &, XFGgEM (
Support Vector Machine, SVM) %

n 19985, AFSVM&F5FHRA, HiRERA0.8%,
ETAINZRENRES ] ETRB XA E
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Why deep learning?

Older learning
algorithms

Performance

Amount of data
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PU. GPU. Google’s Tensor Processing Unit (TPU)
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n REZX =
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BB 5] B deiR o S MR K AR It
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» A FHI% (Pre-Training) F=4%3# (Fine-Tuning) # & KB-& %
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BERTAZ A

= Bidirectional Encoder Representations from

Transformers (BERT)

n ETHRINGESTHRENREFEIF %, EHETARES
oy N, BHB A XNAEFENLPE

n @At st K HAEEH (Wikipedia, BookCorpus) & &% B
Y (Pre-training) , AF2|#@fMETRA

o %}?%i%é‘ﬁiﬂﬁiiﬁm (Fine-tuning) & A -FNLPTF#
1£



ETRNGESHE

5 BERT :}Tz;;;GLUEﬁfrzf 11 NLP e %5, ATFRI%6ETH
REFREREFFHLEMNHG LUE HEATHE AR K% %SQUAD #4745

Rank Name Model

Rank Model EM F1
1 Facabaokhl ROBERT: Human Performance B6.B31 89.452
aceboo 0l a Filar
(Rajpurkar & Jia et al. '18)
2  XLNet Team XLNet-Large (ensemble)
1 XLMet + DAAF + Verifier (ensemble) BB.592 90.85%
JI‘A! 219 INGAN Omr Sinit
+ 3 Microsoft D365 Al & MSR Al MT-DNN-ensembile
2 XLMet + 5G-Met Verifier [ensemble) B88.050 F0.645
4 GLUE Human Baselines  GLUE Human Baselines skl {oig. Unhiersity o Ciouena
3 XLMet + SG-MNet Verifier (single model} B7.044 89899
+ 5 X3k ALICE large ensemble (Allbaba DAMO NLF Jul 23, 2019 Shanghai Jivo Tong University &
3 BERT + DAE + AoA {ensemble) B87.147 89474
6 Stanford Hazy Research Snorkel MeTal Labaratory of HIT and iIELYTEK Research
7 XLM Systems XLM (English anly) 3 RoBERTa (\lrlgl:'.lrluall:l.’ B84.820 89.795
8 SE{ERE SemBERT 4 BERT + ConvLSTM + MTL + Verifier (ensemble) B6.730 89.286
8 Danqi Chen SpanBERT (single-task training) 5 BERT + N-Gram Masking + Synthetic Self- B6673  B89.147
[ hear 05, 2019 | Training {ensemble)
10  Kevin Clark BERT + BAM A 3

github.com/google-research/bert

General Language Understanding Evaluation ford : .
benchmark (GLUE) Stanford Question Answering Dataset (SQUAD)
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s KT A GHOA EXGNLPR Y| 5AEZ R & i A
IR

s @I % (Pre-Training) - ) A XML L B BEH, F 3753841
(ke: FEIEAFAE. 6 IRAFAE. BIRAFAE. BT XHFAES)

= A (Fine-tuning) - 43 AR TFiES (o XAS X, #2%
RIRA . BERA. BRERF) , MARIAFEZER, AL



BERT (Ours)

‘.E BERT#M )| 45i& &%

Rather than always replacing the chosen
words with [MASK], the data generator will

#lAMasked LM, # Z3gs  seabi

80% of the time: Replace the word with the
[MASK] token, e.g., my dog is hairy —

], # s] B BR & ETXWE o e e s

random word, e.g., my dog is hairy — my

i 4 deg is apple
1? J L a ‘\) 10% of the time: Keep the word un-

changed. e.g..my dog is hairy — my dog
is hairy. The purpose of this is to bias the

= A FINext Sentence Prediction s o o erers
, VATRAR &) FA\~a] T A ﬁﬁ , B
KA Label = 1swext
7 17 %0&5'1 0y 15 >L4\:r 1N

]]'lpllf = [CLS] the man [MASK] to the store [SEP]

penguin [MASK] are flight ##less birds [SEF]

Label = notnex:



* BERT %At 42

S T AL I A -
o FRkRAETSH

E"!

50 PSP

Sanenca 2 Sagle Santenis
(a) Sentence Pair Classification Tasks: (b Simgle Sentence Classification Tasks:
MMLI, QOP, GNLI, STS-B, MRPC, S8T-2, ColA
< e FTE. SWAG
RIVEIRREESS —

FREUFREERES

[ e ) ] -

o3 _PEE &

Ouﬁl.an

fc) Question Answering Tashks: (d) Single Sentence Tagging Tasks:
SCOWAD v1.1 CoMLL-2003 NER



L AT

ELMo (AllenNLP, 2018.02)
GPT (OpenAl, 2018.06)
BERT (Google, 2018.10)
GPT-2 (OpenAl, 2019.02)

SCIBERT (AllenNLP,
2019.03)

XLNet (CMU&Google,
2019.06)

RoBERTa (Facebook Al,
2019.07)

Word Benchmark
BooksCorpus
BooksCorpus & Wikipedia
WebText(45M links,40GB)

1.14M papers from Semantic
Scholar

BooksCorpus & Wikipedia
& iga5, ClueWeb, Common Crawl

BookCorpus, CC-news,
OpenWebText, Stories

e 2E#), LSTMAR 22 [/ 44
3 454y, Transformers i 4
ey 254, Mask LM & NSP
FREIE, TR T LR R
A3 3 R SUAR

e )a. | %Ay

FREIE, LRMR, NHEEA



‘_h A FBERT#) F X ) 45695 5 AR

ERNIE 1.0 *iéﬁ%ﬁﬂ)(zlw - B EMaskgegk, KA 4iEMask. %2 EMask.
: BEw4 (51M) . B EFHE & % 5 fMask =5 2 2 e

(& &, 2019.04) s % 2 AkMask = AP & % Mask 5 #&-

Chinese-BERT-wwm TR EA HEL ME Sk Mask Rk, KA 4 Mask

(6 L K&k, 2019.06)

ERNIE 2.0 BAL WAL A HES e SAEIG, asFEHE. EEX

(5 /&, 2019.07) TR AFN. EELR. hEHERSE

OpenCLaP RFLLH (26M)  HIFX 4% K F 45 B F L FARRIEH

(7% X %, 2019.07) i (@)

RoBERTa-zh (brightmart fﬁ“ﬂ ARF%E. 2484 & FROBERTas: A I %4 %9, A1 X%
@aithub.com. 2019.09) X% W B IR %
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s ¥ 5153 (Rich Semantics) 4rig%
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SciAnnotDocAE & 38 = &) + & 15 L Fn 1R

H’el ene de Ribaupierre and Gilles Falquet (2015) , An
Automated Annotation Process for the SciDocAnnot Scientific
Document Model

Fig. 1. SciAnnotDoc model
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<Background> <Method><Old>
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Approach ‘A\l
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CoreSC (Core Scientific
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Liakata et al. (2010)
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Pubmed.gm- PubMed v

US National Library of Medicine
National Institutes of Health Advanced

Format: Abstract Send to~

Ophthalmologica. 2019 May 23:1-8. doi: 10.1158/000489718. [Epub ahead of print]

One-Year Results of Fixed Aflibercept Treatment Regime in Type 3 Neovascularization.

Ermest J‘\z, Manethova K1 2‘ Kolar P3‘ Sobisek L4‘ Sacconi RS. Querques GS.

e R ARE BYAHE

PURPOSE: To evalugkf the effect of intravitreal aflibercept injections in tge@itment-naive type 3 neovascularization using a fixed treatment
regime during theAirst year of therapy

# Author information

METHODs:ﬁuneen eyes of 14 patients diagnosed with type 3 neovascularization were studied. All patients were treated with intravitreal

aflibercept injections using a fixed treatment regime of 3 consecutive monthly dosages followed by 2-month interval injections. Results were
assessed after a 12-month follow-up period. Changes of best corrected visual acuity (BCVA), central retinal thickness (CRT), central macular
volume (CMV), and retinal pigment epithelium (RPE) atrophy at fundus autofluorescence and infrared reflectance images were recorded and
analyzed.

RESULTS: BCVA improved from 60.3 + 11.7 ETDRS letters at the baseline to 70.9 + 10.3 ETDRS letters at 12-months follow-up (p = 0.036).
Also, CRT and CMV statistically improved after the treatment (from 425 + 117 to 308 + 117 pm [p = 0.031] and from 9.52 + 190 to 8.29 + 0.95
mm3 [p = 0.073], respectively). In 4 patients, development and progression of RPE atrophy were observed, and it was associated with the
presence of seraus pigment epithelium detachment at the baseline. Furthermore, the development of a fibrotic lesion eccentric to the fovea
was observed in 5 patients, without significant impairment of BCVA (p = 0.290).

CONCLUSION: Intravitreal aflibercept administered in a fixed treatment regime during the first year of therapy may be effective for the
improvement and stabilization of BCVA in eyes with type 3 neovascularization. However, RPE atrophy and subretinal/intraretinal fibrosis can
develop during the treatment.

© 2019 S. Karger AG, Basel.

KEYWORDS: Aflibercept; Age-related macular degeneration; Anti-vascular endothelial growth factor; Optical coherence tomography; Retinal angiomatous
proliferation; Type 3 neovascularization
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Autonomous navigation of stratospheric balloons
using reinforcement learning

Marc G. Bellemare 5=, Salvatore Candide B, Pablo Samuel Castro, Jun Gong, Marlas C. kMachado,

Subhodeep Moitra, Sameera 5. Ponda & Zivu Wang

MNotwre 588, T7—82(2020) | Cite this article
192 Altmetric | fetrics

Abstract

Efficiently navigating a superpressure balloon in the stratosphere” requires the integration
of a multitude of cues, such as wind speed and solar elevation, and the process is
complicated by forecast errors and sparse wind measurements. Coupled with the need to
make decisions in real time, these factors rule out the use of conventional control
techniques®® Here we describe the use of reinforcemeant learning®® to create a high-
performing flight controller. ©ur algorithm uses data augrmentation®” and a self-correcting
design to overcome the key technical challenge of reinforcerment learming from imperfect
data, which has proved to be a major cbstacle to its application to physical systems®, We
deployed our controller to station Loon superpressure balloons at multiple locations across
the globe, including a 29-day controlled experiment over the Pacific Ocean. Analyses show

that the controller outperforms Loon’s previous algorithim and is robust to the natural
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Molecular and clinical analysis of 27 German patie
with Leber congenital amaurosis

Nicole Weisschuh 1, Britta Feldhaus ', Muhammad Imran Khan 2, Frans P M Cremers 2 3,
Susanne Kohl ', Bernd Wissinger ', Ditta Zobor !

Affiliations + expand
PMID: 30576320 PMCID: PMC6303042 DOI: 10.1371/journal.pone.0205380
Free PMC article

Abstract

Leber congenital amaurosis (LCA) is the earliest and most severe form of all inherited retinal
dystrophies (IRD) and the most frequent cause of inherited blindness in children. The phenotyp
overlap with other early-onset and severe IRDs as well as difficulties associated with the ophtha
examination of infants can complicate the clinical diagnosis. To date, 25 genes have been implig
in the pathogenesis of LCA. The disorder is usually inherited in an autosomal recessive fashion,
although rare dominant cases have been reported. We report the mutation spectra and frequeni
genes in 27 German index patients initially diagnosed with LCA. A total of 108 LCA- and other g
implicated in IRD were analysed using a cost-effective targeted next-generation sequencing

L L L L i L PTI- L - FEIPa— L

[BACKGROUND] Leber congenital amaurosis (LCA) is the earliest and most severe form of all inherited retinal
dystrophies (IRD) and the most frequent cause of inherited blindness in children. [BACKGROUND] The phenotypic
overlap with other early-onset and severe IRDs as well as difficulties associated with the ophthalmic examination of infants
can complicate the clinical diagnosis. [BACKGROUND] To date, 25 genes have been implicated in the pathogenesis
of LCA. [BACKGROUND] The disorder is usually inherited in an autosomal recessive fashion, although rare dominant
cases have been reported. [OBJECTIVES] We report the mutation spectra and frequency of genes in 27 German
index patients initially diagnosed with LCA. [METHODS] A total of 108 LCA- and other genes implicated in IRD were
analysed using a cost-effective targeted next-generation sequencing procedure based on molecular inversion probes
(MIPs). [RESULTS] Sequencing and variant filtering led to the identification of putative pathogenic variants in 25
cases, thereby leading to a detection rate of 93%. [RESULTS] The mutation spectrum comprises 34 different alleles,
17 of which are novel. [CONCLUSIONS] In line with previous studies, the genetic results led to a revision of the initial
clinical diagnosis in a substantial proportion of cases, demonstrating the importance of genetic testing in IRD.

[CONCLUSIONS] In addition, our detection rate of 83% shows that MIPs are a cost-efficient and sensitive tool for

targeted next-generation sequencing in IRD.
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Arts , culture sector to get more aid . June 19 , 2020 The will

disburse an additional subsidy from

under the Anti - epidemic Fund to help small and medium - sized

arts groups stage live performances and support their operations after the reopening of

performance venues . Major facilities of

's performance venues , such as concert halls , theatres , auditoriums

, cultural activity halls and arenas reopened for performances with live audiences today .

announced an additional subsidy of $ 80,000 from the

$ 150 million scheme will be disbursed to 44 - funded

and 34

arts groups , 14 venue partners under the

grantees . After the completion of this

disbursement , the will have handed out about $ 110 million from
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Search for Heavy Isosinglet Neutrino in e+e- Annihilat R

L3 Collaboration

High Energy Physics - Experiment | Decay rate I s related to » Decay channels
A&

We report on a search for the first generation heavy neutrino that is ap#€0singlet under the standard SU(2) L gauge group. The data collected with the L3 detector at center-of-mass energies
between 130 GeV and 208 GeV are used.Thq decay channel € --> eW is investigated and no evidence is found for a heavy neutrino, N_e, in a mass range between 80 GeV and 205 GeV.

Upper limits on the mixing parameter between the heavy and light neutrino are derived.
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In a qualitative study , the low - energy prope = - Meson - Diquark

High Energy Physics - Phenomenology Model as an effective model for two - col§r Quantum Chromodynamics ard investigated within
[Submitted on 22 Jun 2020] the Functional Renormalization Group ( FRG ) approach . In particular , we compute the infrared
Fluctuation-induced higher-derivative scaling behavior of fluctuation - induced higher - derivative couplings of the linear Quark - Meson -
dynamics of the Quark-Meson-Diquark Diquark Model and map the resulting renormalized effective action onto its nonlinear counterpart .
The higher - derivative couplings of the nonlinear model , which we identify as the low - energy
couplings of the Quark - Meson - Diquark Model , are therefore entirely determined by the FRG
In a qualitative study, the low-energy properties of the SO(6)-symi flow of their linear equivalents . This grants full access to their scaling behavior and provides
model for two-color Quantum Chromodynamics are investigated Wi jsights into conceptual aspects of purely bosonic effective models , as they are treated within the

approach. In particular, we compute the infrared scaling behavior ¢ FRG | : . " v y
the linear Quark-Meson-Diquark Model and map the resulting reni . In this way , the presented work is understood as an immediate extension of our recent

Niklas Cichutek, Florian Divotgey, Jirgen Eser

counterpart. The higher-derivative couplings of the nonlinear modg advances in the SO(4)-symmetric Quark - Meson Model beyond common FRG approximations .
the Quark-Meson-Diquark Model, are therefore entirely determlnelwmmmmmm

grants full access to their scaling behavior and provides insights into conceptual aspects of purely bosonic effective
models, as they are treated within the FRG. In this way, the presented work is understood as an immediate extension
of our recent advances in the SO(4)-symmetric Quark-Meson Model beyond common FRG approximations
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Keynsham railway station is a railway station serving the town of Keynsham in Bath

1 and North East Somerset, England.
Situated 6 miles north of Driffield town centre and lying on the B1249 between

0 e
Driffield and Foxholes.

1 A Coulter counter is an apparatus for cell counting and counting and sizing particles
suspended in electrolytes.

0 Carl Barc, of the band Ever Since Day One, took over on bass and Dave Karcich,

formerly of Spring Heeled Jack, took over on drums.
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Astrophysics

[Submitted on 4 Apr 2007]

Swift/XRT observes the fifth outburst of the periodic S
P. Romano (1,2), L. Sidoli (3), V. Mangano (4), S. Mereghetti (3), G. Cusumano (4) ((1

IGR J11215-5952 is a hard X-ray transient source discovered in April 2005 with INTEGRAL and a
(SFXTs). Archival INTEGRAL data and RXTE observations showed that the outbursts occur with
possibly related to the orbital period. We performed a Target of Opportunity observation with Swift|
2007 Feb 9. The source field was observed with Swift twice a day (2ks/day) starting from 4th Febil
that lasted 23 days for a total on-source exposure of ~73 ks This is the most complete monitorin
absorbed power law with a photon index of 1 and N_H~1 10"22 em"-2. A 1-10 keV peak luminosi

[DEFFINITION] IGR J11215-5952 is a hard X-ray transient source discovered in April 2005 with INTEGRAL and a

confirmed member of the new class of High Mass X-ray Binaries, the Supergiant Fast X-ray Transients (SFXTs). Archival
INTEGRAL data and RXTE observations showed that the outbursts occur with a periodicity of ~330 days. Thus, IGR
J11215-5952 is the first SFXT displaying periodic outbursts, possibly related to the orbital period. We performed a Target of
Opportunity observation with Swift with the main aim of monitoring the source behaviour around the time of the fifth
outburst, expected on 2007 Feb 9. The source field was observed with Swift twice a day (2ks/day) starting from 4th
February, 2007, until the fifth outburst, and then for ~5 ks a day afterwards, during a monitoring campaign that lasted 23

days for a total on-source exposure of ~73 ks. This is the most complete monitoring campaign of an outburst from a SFXT.

Swift observations are a unique data-set for an outburst of a SFXT, thanks to the combination of sensitivity and time coverage, and they allowed a study of ICR J11215-5952 from outbur
almost quiescence. We find that the accretion phase lasts longer than previously thought on the basis of lower sensitivity instruments observing only the brightest flares. The observed pl
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The 2019 coronavirus disease (COVID-18) was first identified in Wuhan, Hubei. China in December 2019, caused by a
novel coronavirus (SARS-CoV-2). There is a need to study the clinical features of patients in a hospital near Wuhan. To
identify clinical features of patients with COVID-19 in a tertiary hospital near Wuhan. General information, clinical
manifestations, laboratory data, and computed tamography (CT) data were collected for 225 patients diagnosed of
COVID-19 admitted between January 20 and February 14, 2020, to the Hanchuan City People’s Hospital. The patients
included 120 male and 105 females who had na connection to the Wuhan Huanan Seafood Market. Their average age
was 50 14 years. The major clinical symploms were fever (84.44% of patients), cough (56.44% of patients), and
dyspnea (4.00% of patients); 3.56%-22.67% of subjects suffered from expectoration, fatigue, chills, headache, chest
pain, and pharyngalgia. Hypertension was present in 20.89% of patients. The counts of white blood cells (WBCs) and
lymphocytes were normal or decreased in 86.67% and 99.11% of patients. CRP was increased in 86.22% of patients,
PCT in 10.67%, and ESR in 80.22%. CT showed that 86.22% of patients had multiple patchy glassy shadows in both
lungs, particularly in the peripheral area. Thirty-seven (16.44%) patients were diagnosed with severe COVID-19.
Methylprednisclone was administered in 44 44% of cases. The mortality among the patients was 0.89%. Clinical
characteristics of COVID-19 patients in the tertiary hospital near Wuhan are very similar to those found in Wuhan, but
the lower martality.

Move Recognition ~ Move Seore

[BACKGROUND] The 2019 coronavirus disease (COVID-19) was first identified in Wuhan, Hubei, China in December
2019, caused by a novel coronavirus (SARS-Cov-2). [BACKGROUND] There is a need to study the clinical features of
patients in a hospital near Wuhan.  [OBJECTIVES] To identify clinical features of patients with COVID-19 in a tertiary
hospital near Wuhan. [METHODS] General information, clinical manifestations, laboratory data, and computed
tomography (CT) data were collected for 225 patients diagnosed of COVID-19 admitted between January 20 and February
14, 2020, to the Hanchuan City People's Hospital. [METHODS] The patients included 120 male and 105 females who
had no connection to the Wuhan Huanan Seafood Market.  [METHODS] Thelr average age was 50+ 14 years
[RESULTS) The major clinical symptoms were fever (84.44% of patients), cough (56.44% of patients), and dyspnea

(4.00% of patients); 3.56%-22.67% of subjects suffered from expectoration. fatigue, chills, headache. chest pain. and

[RESULTS] was present in 20.89% of palients.  [RESULTS] The counts of white blood
cells (WBCs) and lymphocytes were normal or decreased in 86.67% and 99.11% of palients.  [RESULTS] CRP was

increased in 86.22% of patients, PCT in 10.67%, and ESR In 90.22%. [RESULTS] CT showed that 86.22% of patients
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